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An Improved Amorphous Localization Algorithm in Wireless Sensor to Internet of Things

QIAN Kaiguo' , WANG Yujian®

(1. Department of Physics Science and Technology , Kunming University , Kunming, Yunnan, China 650214 ;

2. College of Information Technology , Kunming University , Kunming, Yunnan,China 650214 )

Abstract: Due to the sensor node localization algorithm Amorphous in the low level of internet of things and the problem of localization

error in its improved algorithm, an improved algorithm is put forward to ensure the localization accuracy. We select the beacon node with

small hop count but more reliable as the reference node; we reduce the distance of mini hop path to take place of the distance estimation

error between nodes by Euclidean distance. Meanwhile, two-dimensional hyperbolic calculation method is adopted to reduce the accu-

mulative error to improve the node location accuracy. Simulation experiment showed when the sensor networks node is uniform distribu-

tion, the localization error of the improved algorithm is lower than those of Amorphous, DV-Hop algorithm and their improved algorithm

when the sensor networks node is non-uniform distribution, the localization error of the improved algorithm is much lower than the other

three algorithms and with obvious improvement in positioning.
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